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astronet v2 (1903.10507)

jasper/novograd (1904.03288, 1905.11286)
simple (1903.00374)

mixnet (1907.09595)
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Figure 3. An example visual Sudoku image input, 1.e. an image of
a Sudoku board constructed with MNIST digits. Cells filled with
the numbers 1-9 are fixed, and zeros represent unknowns.




Candidate 1. Period = 6.33728 days.
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Index = 22 _LCIGO12071_LCIGO1 Candidate 1. Best—fit Pericd = 6.3291819 days.
1.001 . . . . ; . —_— —_— —_— —_— —

*

.
I..
I e e T
. - Na o -ty "y,

L.

F Ny ey Y S

’:’.3‘:.: vl K -
.

1.000

lllllllllIllllllllllllllllllJ‘-}llllllll

TPT ST TTITTITT

lllIllllllllllllllllllllll

1 N M N M M M > M M N N 1
2940 k -5
time Hours from mid—event

Duration = 3.3189652 hours. Rp/R+ = 0.042555506,

Illlllll

...l||I||H |WMWHWW

F—

1.0 14.0 R R
Period [days] Period [days]

F1G. 1.— View of program used to initially classify targets in the triage stage (Section |2.2.1). Top Left: unflattened light curve with
classification label. Top Right: phase-folded light curve with transit event highlighted in white. Mid Left: Flattened light curve with
transit events marked. Mid Right: a zoom-in on the transit event from the panel above. Bottom Left: BLS Periodigram of the signals
found in the original light curve, shown in the top left panel. Bottom Right: BLS Periodigram after removal of the signal.
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Out Ch = vocab size
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Figure 1: Jasper BxR model: B - number of blocks, R - number Figure 2: Jasper Dense Residual
of sub-blocks.




AdamW NovoGrad
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Figure 2: Deep Linear Network with two layers: training with SGD, Adam, and NovoGrad




@training @inference

Pixels
Embedding

011100011100
discrete latent

Discretization
Bit Predictor

Attention

Next Frame 27x20x128  7x5x128
' Predicted
Frame

oo = |

4 Input Frames

Pixels
Embedding
Per Pixel

Predicted

|
’
105x80x12 - |
14x10x256 Reward

27x20x256 2 105x80x3

7x5x256

53x40x128

105x80x64 105x80x64  105x80x256




00CX.LXL ﬂ
6X6 ‘LX. ‘GXG ‘€XE
00ZX.LXL ﬁ
6X6 ‘LX/. ‘GXG ‘E€XE
00ZXLX. a

002X.LXL ﬂ

6X6 ‘LX. ‘GXG ‘gXE

002X, |

6X6 ‘LX/. ‘GXG ‘EXE

002X.LXL ﬂ

6X6 ‘LX. ‘GXG ‘E€XE

00zxsxL |

6X6 ‘LX. ‘GXG ‘EXE

0zIXpIXpL |

6X6 'LX. ‘GXG ‘gEXE

0CLXVLXYl ﬁ

LIXLL ‘6X%6 ‘LXL ‘GXG ‘EXE

6X6 ‘LX. ‘GXG ‘EXE

0CLXyLXyL a
LXL ‘GXG ‘€XE
0CLXyLXpL ﬁ

LXL ‘GXG ‘€Xg
0CLXyLXyL ﬂ

LXL ‘GXG ‘EXg
08X82X8Z |

GXG ‘EXE
08X82X8T |

GXG ‘EXE
08X82X8¢ ﬂ

LXL ‘GXG ‘€XE
0¥X82X8¢ a

GXG ‘EXE
0vX8ZX8Z |

GXG ‘EXE
0vX8ZX8T |

GXG ‘EXE
0vX8ZX8T |

LXL ‘GXG ‘EXE
pZx9ex9s |
£XE
7 ZX9GX9G a
£XE
OLXZCLLXCLL a
£XE
OLXZCLLXCLL 4
WSS

eXyeexyec a

0CLXVLXYl ﬂ

6X6 ‘LX. ‘GXG ‘eXE

)
0CLXVLXYl

e£X¢

i

08X82X8¢e

6X6 ‘LX/. "GXG ‘EXE

08X82X82 a

6X6 ‘LX. ‘GXG ‘€XE

08X82X8Z |

6X6 ‘LXL ‘GXG ‘EXE

08¥82X8Z |
LX/ ‘GXG ‘EXE

0vX82xez |
GXG ‘€X¢
0vX8zX8Z |
GXG ‘€X¢
0vXezxX8z |
GXG ‘€XE
0vXezxez |

6X6 ‘LX. ‘GXG ‘eXE

vexXeLiLxell

ZEX96X9G5 |

€X¢
3

ZEXIGXIG
LX/ ‘GXG ‘EXE

A

eX¢

YZXZLLXZLL H
ES

EXyéexyic a

We

MixNet architectures — MixNet—-S and MixNet—M are from Table 2.

mainly highlight MixConv kernel size (e.g. {3x3, 5x5}) and input/output tensor shape.
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